An Adaptive State Partition Approach
to Reinforcement Learning
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Hard Computing v.s. Soft Computing
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o 1T RERELS (behavior-based systems)
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o Assembly plans from observation(APO)
e programming by demonstration(PBD)
e programming by watching(PBW)

» Learning by demonstration(LBD)
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Reinforcement Learning

Q-Learning
Decision Tree Induction
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e Reinforcement Learning-based Decision Tree Algorithm

* Decision Tree-based Q-Learning
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EVIBED DED INTELLIGENT SYSTEM




EVIBED DED INTELLIGENT SYSTEM
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EVIBED DED INTELLIGENT SYSTEM




o Communication interface: CANbus
 Hardware platform: dsPIC33F
« Terminal controller: embedded system
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[EMBEDDED INTELLIGENT SYSTEM
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[EMBEDDED INTELLIGENT SYSTEM
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EMBEDDED INTELLIGENT SYSTEM

distance



o

a|bue Joqoy




sensor
input g reward Euaed_
SeNn I ehavior
FB
: M+ )

Environment <+




<_

\ A /

-
agent ;
Pt

environment

[EEQCCL

1)

IWILSAS INTIDITIZLNI G3aa3ging



o JRREEZENA(RL-based Decision Tree) :
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